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Abstract

This study proposes the use of an artificial in

horizontal cross-section of a bottle in die shapiga The crd g :

(ANN) was trained using the FEM dat4
data for more complex shapes of tvys
a genetic algorithm (GA) was
testing. The predicted pariso

ethod to determine suitable parison thicknesses at the

tion of the bottle was subjected to blow molding simulation by
urate results than by simulating the full bottle shape. The absolute
to experimental data. Subsequently, an artificial neural network
olding. The ANN was in good agreement with the experimental
7 and this model had an absolute average error of 15.66%. Eventually,
ermine the uniform perimeter thickness of a bottle so that it passes the top load
podel had an absolute average error of 4.18% from the desired thickness.

are attractively colored and
lex shapes of lubricant oil bot-

blow molding. There are two ex-
trusion 80ds, namely the die-gap programming and the die
shaping, thi%@Rave been used to prepare plastic tubes or pa-
risons for bloWing lubricant oil bottles. A suitable parison
thickness is important for forming the lubricant oil bottles by
inflation to completely contact the surface of the bottle mold
cavity. Parison thickness is regulated by the die extrusion to
obtain bottle thickness matching the design. However, blow
molding theory is employed to calculate the initial thickness
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of parison (Lee, 1998), and trial and error method is often
used to adjust the die gap for complex shaped bottles. The
thickness of parison is difficult to control properly on forming
lubricant oil bottles, which principally have a reflective sym-
metry in shape. This often relies on the experience of die
makers, to shape the extrusion die. Consequently, significant
amounts of plastic, cost and time are lost in making parison
settings.

Currently, computer aided engineering (CAE), which
involves the finite element method (FEM) to simulate the ex-
trusion blow molding process, is used in engineering design to
reduce the need for trial and error runs to set up the parison
thickness (Marcmann, Verron, & Peseux, 2001). Nevertheless,
the FEM modeling is started by preparing an extrusion blow
molding model, which is difficult with complex shaped bot-
tles. Particularly, there are limitations to optimizing the pa-
rison thickness for the desired design thickness of bottle. Also
simulation time is consumed in trial and error testing to
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prepare the blow molding model, and to determine the suitable
thickness of parison.

Optimization techniques have been applied with fi-
nite element analysis (FEA) to find an appropriate parison
thickness for hollow products (Biglione, Bereaux, Charmeau,
Balcaen, & Chhay, 2016). Gradient-based optimization has
been proposed to determine the optimal bottle thickness with
required resistance to two types of loading, top loading and
internal pressure (Gauvin, Thibault, & Laroche, 2003). The
parison thickness has been controlled by parison programming
or by die gap opening. The variable thickness of parison has
forced researchers to run FEA multiple times for the optimi-
zation of each shape of a bottle. The optimal die gap program-
ming of an extrusion blow molding process could use a neural
network to suggest the uniform part thickness after the parison
inflation. Taguchi’s method was applied to reduce the number
of die gap runs with FEA used to train an artificial neural net-
work (ANN). The parison thickness relation to cross section
area was predicted by the neural network. A genetic algorithm
(GA) was then applied to search for the optimal parison thick-
ness (Jyh-Cheng, Xiang-Xian, Tsung-Ren, & Thibault, 2004).
The fuzzy neural-Taguchi network with GA (FUNTGA) was
established to help the parison programming of bottles with
axisymmetric shape. Huang and Huang (2007) used POLY-
FLOW 3.10 software to prepare the blow molding data of bot-
tles for the ANN, which was combined with GA to find the
optimal parison thickness. Yu and Juang (2010) proposed fuz-
zy reasoning of the prediction reliability to evolve the ANN
training to guide the GA searching. A small number g
training runs was performed using Taguchi’s orthogonal arr§
This methodology balances reliability and optimality for t

scope was limited to axisymmetric bottle
the previous Al method did not perform jn

process. Unfortunately, the Al co
FEA could not prepare the traini

suitable parisd
1.

hickness for die shaping is shown in Figure

2. Experiment

The lubricant oil bottle is shown in Figure 2a. This
lubricant oil bottle has a reflection symmetric shape. It was
produced with high density polyethylene (HDPE) grade 6140B
from SCG Plastic Company Ltd. Extrusion blow molding was
employed to produce the lubricant oil bottles and the pro-
duction conditions were set for the parison outer diameter of
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52 mm, initial temperature of 180 °C, die gap opening of 150
mm, die closing speed of 2.2 mm/sec, blow-up pressure of 1
bar, and blow-up time of 0.3 sec. The blow molding machine
had three shaping dies without the parison programming. The
five parisons that were extruded through the shaping dies had
been selected by thickness (Figure 2b). The twelve columns
(A to F) around parison perimeter were assigned as the
reference line for measuring parison thickness. These were
started from A at 15 degrees from the front parting line of
bottle in the counterclockwise (CCW) rotation direction, and
started from A at 15 degrees from the front partlng line of

thickness measurement. The thickne
7200 FH of ElektroPhysik (3
measure the parison thickness

n thickness, 4 is the parison height, a is
is a constant dependent on the initial

el area on bottle surface at the bottle height
80 mm had the maximum blow ratio of parison along

ot give uniform thickness around the bottle perimeter.
Fifteen bottles were sampled and measured for wall thickness.
he bottles were also assigned column positions according to
the parison columns. Figure 3b shows the average thicknesses
of the lubricant oil bottles along the bottle height. The die
shaping had been performed to control the parison thickness
to form the complete shape of bottle; therefore the parison
thickness at bottle corner was more than at other columns in
the parison tube. The column of parison which was formed to
bottle wall was thicker than other parison columns. The
parison thickness obtained by die shaping depended on the
experience of die maker. The shaping needed to obtain the
final shape of die gap affected time and cost of setting up the
extrusion blow molding process of lubricant oil bottles.

3. The Bottle Blow Molding Models

The 3D model of a 1.0 liter lubricant oil bottle
shown in Figure 4 was used to create a finite element model of
the blow molding process. The full shape of bottle would be
created by starting at the mold clamping on parison until the
parison was blown to the bottle shape. The cross-section shape
of bottle would be investigated in a horizontal section at 115.
00 mm height from the bottom. The bottle mold did not clamp
on parison to blow the bottle wall at the height of 115.00 mm;
therefore, the clamping process was not considered in the
finite element model. The bottle blow molding simulation was
performed using a personal computer with Core-i5 CPU (3.3
MHz) and 4 GB DDR |Il SDRAM memory.
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Figure 1. The parison thickness optimization flow chart.
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Figure 2. (a) The 1.0 liter lubricant oil bottle, (b) samples of parison for blowing the 1.0 liter lubricant oil bottle.
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Figure 4. The 3D model of 1.0 liter lu
for extrusion blow moldi

3.1 Full shape bottle

The blow
parts of finite elem

on part was represented

by 2,880 plate elements had width
and le , respectively. The mold parts
were pIs 5 of parison for clamping and
blowing, ré |ver The surface model was assigned to be

the bottle molS@ecause the parison was clamped and blown to
contact only witghe inner surface of mold. The material
model assigned for parison was as in Thusneyapan and Rugsaj
(2014). The thickness of parison used was the average of
measured thicknesses around the perimeter.

The fixed boundary condition was defined on nodes
at the top edge of parison model. The surface molds were
assigned to clamp parison and to hold until the parison was
blown to the final shape of a bottle. The blowing pressure was
set at 607.95 kPa at the inner surface of parison. The tem-
perature of parison was 180 °C, while the ambient temperature
was 35 °C.
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The simulation results are illustrated by a sequence
of images of blow molding process, in Figure 5a. The color
contours represent the thickness of the bottle from start to
finish. The final simulated thickness of bottle was compared
with experimental data. Figure 5b shows graphs of bottle
thickness from experiments and simulations, with similar
trends. The finite element analysis (FEA) results had an ab-
solute average error of 32.35%.

3.2 Cross-section shape of bottle

The finite element model of cross-section shape of
bottle in blow molding process was more advanced than the
full shape bottle blow molding simulation. The interesting
horizontal section, which was at 115.00 mm height from the
bottom, was simulated using FEM. This bottle section was
unaffected by the clamping step in the extrusion blow molding
process. The initial section of parison was in the clamped
mold at the initial step of simulation; therefore, the parison
was represented with a 2D finite element model. The hollow
circular shape of parison was divided into rectangular plate
elements. The parison thicknesses were defined to match the
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Figure 5.

properties of parison were th
the full shape bottle blow
nal pressure and envir

the shape of a bottle at
of parison could be repre-
ner area is shown as yellow
? The bottle thickness could be

ent model at the final step of simu-
6b shows a comparison of bottle thickness
between ex%@ment and simulation. The FEA results of the
cross-section Shape of bottle were in better agreement with
experiments than the full shape bottle blow molding simu-
lation. The absolute average error of the cross-section shape
relative to experiment was 17.02%.

The blow molding simulation using the cross-sec-
tion shape of bottle can be improved for better accuracy by
use of other material models, such as K-BKZ, following
works by (Rasmussen & Yu, 2008). However, the cross-sec-
tion shape of bottle in blow molding has the final thickness of
bottle well approximated, and can the cross-section parison

lation.

 p— T T
180 200 220

thickness at level of interest can be used to determine the ini-
tial parison thickness around the die gap, using Equation 1.
Particularly, this FEM can be used to guide the mold makers
for die shaping of the extrusion blow molding in the future.

4. Artificial Neural Network

The cross-section bottle blow molding simulation
was further modeled using an ANN. The back propagation
learning with Levenberg-Marquardt algorithm was used to fit
the model parameters. The ANN architecture had three hidden
layers. The multiple input neurons and three hidden layers
were trained to learn the blow molding simulation of the
cross-section of bottle. The ANN gave the final thickness of
cross-section of bottle at desired height, when the parison
thicknesses were entered as inputs. The thicknesses of parison
and bottle at 15°, 45°, 75°, 105°, 135° and 165° were the input
and output data, respectively. The Log-Sigmoid transfer func-
tion (Rajasekaran & Vijayalakshmi Pai, 2008) in Equation 2
was used in the first and the second hidden layers, while linear
transfer functions were used in the third hidden layer of
network. The first, second and third hidden layers had 25, 15
and 10 neurons, respectively.

L

fG) = T ok 2
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thickness of lubricant

as created to reduce
. The orthogonal array

for the middle thi@Rness. The level of thickness was arranged
for each set of the input data; therefore, the input data of 54
training samples to the ANN were prepared for predicting the
cross-section thickness of bottle wall at the bottle height of
interest.

The ANN trained using an orthogonal array could
be used to predict thickness of the cross-section shape in
bottle blow molding simulation. The thicknesses around cross-
section perimeter in ANN prediction are compared with the
FEA in Figure 7. The absolute average error of ANN, when
compared with the FEA using five unseen initial parison

thicknesses, was less than 8.88%. The ANN showed good
agreement with the FEA and could be used to predict the
bottle thickness rapidly.

The parison tubes of two different shapes for one-
liter bottle extrusion blow molding were collected for ANN
testing. The A-shape and B-shape bottle had specified posi-
tions for measuring parison thickness, shown in Figure 8
(right). These parisons are blown to A-and B-shaped bottles,
shown in Figure 8 (left). The interesting cross-sections of A-
and B-shaped bottles were at bottle heights of 112.5 and 118.0
mm, respectively. The ANN was tested by inputting the
average thickness of parisons, five parison tubes for each bot-
tle shape. The output from ANN was the bottle thickness at
the interesting horizontal cross-section, and was compared
with experimental data. Figures 9a and 9b show comparisons
between the ANN and experiment for A-and B-shaped bottles,
respectively. The ANN could predict the bottle thickness in
good agreement with experiments. The absolute average error
of ANN was 12.28% and 19.05% when comparing cross-
section thicknesses of A-and B-shaped bottles, respectively.
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Figure 7. Column line positionvs. wall thickness of lubricant oil
bottles from ANN and from simulation, at bottle height
of 115.00 mm.

5. Genetic Algorithm

The top load simulation was performed on the one-
liter bottle model to determine the target thickness. The one-
liter bottle thickness of 1.164 mm was required to support a 25
kg top load. The bottle thickness around perimeter of the
interesting cross-section, which was equal to the desired
thickness, was the optimal solution for the GA. The objective
function as fitness function in GA was designed fgQ

give the final bottle, the desired thickness. This study usé
trained ANN prediction model for the fitness function.

following fitness function.

Fo=Y (4
i=1"%1

i=1

where to is the desired bottl

to search
cross-section

olding. The results of blow
in Figure 10. The final thick-
ere blown to one-liter bottleshad
bottle thickness could be predicted
N. The final thicknesses of bottle at the bottle
height of 00 mm by the FEA and ANN by specifying the
suitable paris®r thicknesses using GA are described in Table
2. The thickness of bottle from ANN had an absolute average
difference from the FEA of 0.199 mm, and deviated from the
target (1.164 mm) by the absolute error 4.18%.

The suitable parison thicknesses that were blown to bot-
tles with uniform thickness at specified bottle height, can be
used to calculate the initial parison thicknesses at the die gap
using Equation 1. The parison thicknesses at the die gap will
be used for die shaping of the blow molding process in further
work. This provides useful guidance to the die maker in
lubricant oil bottle manufacturing.

1011
6. Conclusions

This study developed a novel approach to optimize
the parison thickness using a hybrid method combining FEM,
ANN, and GA. The horizontal cross-section of a bottle was
simulated in blow molding process using FEM. It was demon-
strated that this FEM was advantageous over a finite element
model of the full bottle shape. Otherwise, the cross-section
simulation of bottle blow molding was validated against phy-
sical experiments. The thicknesses of cross-section bottle at a
height of interest were simulated with results in good agree-
ment with experimental data; the absg age error was
less than 17.02%. The horizontal ¢
bottle blow molding was used ta

gonal array was develope
parison at each zone to
to train the ANN. Th
lations of the cros moldlng process,

thicknesses. It was

0 complex shaped bottles
verage error less than 15.66% when
experiments. Subsequently, the

ison thickness that could give uniform thick-
orizontal cross-section perimeter at height of
reflection symmetric bottleshape. The opti-

EM. The cross-section bottle blow molding was simu-
T¥sing the initial parison thickness by GA. The simulated
results indicated that the optimized parison thicknesses were
successful giving uniform targeted bottle thickness. The ab-
solute deviation of thickness was 4.18% from the target. The
optimization of parison thickness by the novel method, which
was developed in this study, could guide shaping the extrusion
die with simplified relationship equations between the parison
height and thickness. This novel approach to determine initial
thickness of parison that was extruded through a die will be
useful as guide to die makers for shaping the die gap in further
work.
parison at each zone to optimize the amount of data
required to train the ANN. The ANN was compared with FEA
simu-lations of the cross-section of bottle in blow molding
process, using five unseen sets of initial parison thicknesses. It
was found that the absolute average error of ANN was 8.88%.
Particularly, it was validated with two complex shaped bottles
and had an absolute average error less than 15.66% when
compared with physical experiments. Subsequently, the
trained ANN was used as the fitness function for parison
thickness optimization by GA. The objective of the GA was
suitable initial parison thickness that could give uniform thick-
ness around the horizontal cross-section perimeter at height of
interest on the reflection symmetric bottleshape. The opti-
mized parison thickness obtained from GA was validated
using FEM. The cross-section bottle blow molding was simu-
lated using the initial parison thickness by GA. The simulated
results indicated that the optimized parison thicknesses were
successful giving uniform targeted bottle thickness. The ab-
solute deviation of thickness was 4.18% from the target. The
optimization of parison thickness by the novel method, which
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Figure 8.

Thickness (mm)

Figure 9.

Samples of lubricant oil bottles with cross-sections
lubricant oil bottle.

C. Suvanjumrat et al. / Songklanakarin J. Sci. Technol. 41 (5), 1005-1013, 2019

e L S
o 20 40 60 80 10 12 14 16 18 20

0 00 0 0
Line position from parting line Parison he?ght

(degree) (mm)

Line position from parting
(degree)

0.9
0.8
0.7
0.6 -

0.5 ~ - % 15° E

Thickness (mm)

I 15°
S S U —O—ANN .
‘ —G—EXP p
135° 105°  75° 45° E
T T T T T T T T T T 77T 7T T T T T T T T T
75 90 105 120 135 150 165 180 0 15 30 45 60 75 90 105 120 135 150 165 180

Line position (degree) Line position (degree)

@ (b)

Column line position vs. wall thickness of: (a) A-shaped, and (b) B-shaped lubricant oil bottle from ANN and experiments, at bottle
heights of 112.5 mm and 118.0 mm, respectively.

Table1.  The suitable parison thicknesses for achieving uniform thickness of cross-section of bottle.

A B c D E F

Column (15deg)  (45deg)  (75deg)  (105deg)  (135deg) (165 deg)

Thickness (mm) 2.86 2.69 2.26 1.98 2.89 2.83
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Figure 10.
thickness given by GA.

Table 2. The final thicknesses of bottle at height of 115.00 mm from FEA and ANN,when usin

Sequence of images from simulation of cross-section shape of bottle in extrusion blow molding proce:

parison

provided by GA.

Bottle Column Thickness

Average
Method Thickness
A B C (mm)
(15 deg) (45 deg) (75 deg) deg) eg) (165 deg)
FEM 1.365 1.362 1.298 1.319 1.475 1.356
ANN 1.200 1.085 1.181 1.075 1.202 1.157
Different Thickness (mm) 0.165 0.277 0.117 0.244 0.273 0.199

was developed in this study, could guide shaping the ex
die with simplified relationship equations between the pa
helght and thlckness This novel approach to determlne i

work.
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